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Abstract

Al plays a significant role in enhancing decision-making, data analysis, and strategic management by
enabling faster, more accurate, and data-driven insights. Al algorithms can analyze vast datasets, identify
patterns, predict future trends, and automate repetitive tasks, leading to improved efficiency and strategic
agility. Al algorithms, particularly machine learning, can analyze massive datasets to identify patterns,
correlations, and anomalies that humans might miss. This capability allows for deeper insights into market
trends, customer behavior, and operational performance. Al-powered data analysis can automate repetitive
tasks, freeing up human analysts for more strategic work, and improve the speed and accuracy of data
processing. By providing data-driven insights and predictive capabilities, AI empowers decision-makers to
make more informed choices. Al can analyze various scenarios and potential outcomes, helping organizations
choose the best course of action. Real-time data processing capabilities allow for rapid responses to
changing market conditions and emerging threats. Al tools can assist in strategic planning by identifying
potential risks and opportunities, optimizing resource allocation, and improving supply chain management.
Al-powered systems can also help in forecasting future trends, enabling organizations to adapt their
strategies proactively. By automating routine tasks and providing data-driven insights, Al frees up human
managers to focus on higher-level strategic thinking and innovation. Making strategic decisions and
improving corporate performance have been transformed by the use of artificial intelligence (Al) into
business operations. Al-driven methodologies provide sophisticated tools for analyzing enormous and
complicated datasets, enabling companies to get insightful information and make decisions that were
previously beyond the capability of humans. This abstract examines how Al is used to make strategic
decisions and improve corporate performance. Organizations may use Al tools like machine learning,
predictive analytics, and data mining to find patterns, trends, and correlations in data that indicate

undiscovered possibilities and dangers.
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Introduction

The rapid advancement of technology in recent
years has led to the growth and increasing
importance of artificial Intelligence (Al) in various
industries. Al systems are now being integrated into
Decision-making processes, influencing the way
organizations approach strategic management in the
digital age. This article aims to examine the role of
Al in strategic decision-making, exploring the
Opportunities and challenges it presents, and
discussing the implications for managers as they
navigate this evolving Landscape. Artificial
intelligence (Al) is a groundbreaking technological
advancement that is revolutionizing businesses by
facilitating accurate decision making, minimizing
time and costs, and enhancing data gathering. It
combines cloud technology, network devices,
robotics, computers and digital content generation.
Al plays a fundamental role in determining future
marketing schemes as companies increasingly
leverage Al software to optimize operations, lower
expenses, speed up turnaround times and increase
productivity. Organizations that have embraced Al-
driven marketing solutions are likely to secure a
competitive advantage. Machine learning leverages
experiences and empirical data to construct and
retain knowledge, enhancing problem-solving

efficiency by identifying patterns for algorithms. In
contrast, deep learning develops neural networks as
it learns, requiring human involvement to provide
examples that guide the Al in addressing problems
as indicated by Davenport, Guha. This approach is
frequently employed in multi-layered learning
systems designed to tackle complex issues. The
integration of artificial intelligence (Al) into
strategic decision-making has evolved significantly
over the past decade, driven by advancements in
large-scale machine learning, big data analytics,
and autonomous reasoning systems. Recent years
have seen a surge in practitioner blogs and industry
websites analyzing the transformative impact of
artificial intelligence (AI) on strategic decision-
making. These sources provide practical
frameworks and real-world case studies that
complement academic research, highlighting both
the promise and pitfalls of Al integration in
business strategy. The integration of Artificial
Intelligence (Al) into strategic decision-making has
been extensively discussed in both academic and
industry literature. Recent studies highlight the
transformative potential of Al in enhancing
business strategies through data-driven insights and
predictive analytics. AI’s ability to analyze vast
datasets and identify patterns has revolutionized
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traditional decision-making processes, enabling
organizations to achieve higher efficiency and
competitive advantage. Industry reports emphasize
the role of Al in automating routine tasks and
improving decision accuracy, particularly in
dynamic market environments. For instance, Al-
driven tools are increasingly being adopted to
support executive decision-making, offering real-
time analytics and scenario planning capabilities.
However, challenges such as ethical considerations,
data privacy, and the need for human oversight
remain critical concerns.

Literature review

The advent of large language models (LLMs) has
made Al-augmented SDM seem more plausible,
potentially accelerating this timeline. LLMs are
word prediction algorithms trained on a large
corpus of text documents. Surprisingly, when
sufficiently complex LLMs are trained on
sufficiently large corpora, LLMs start exhibiting
“emergent” capabilities—such as the ability to
answer  questions, summarize, and reason
logically—that are not present with simpler models
or smaller corpora (Wei et al. 2022).

The capabilities of LLMs make Al-augmented
SDM more plausible for three reasons. First, LLMs
can deal with the type of textual data comprising
the typical inputs and outputs of strategy. Second,
LLMs have matched or surpassed human
performance in tasks that demand reasoning skills
akin to those of strategists, such as successfully
passing professional-level examinations in fields
like medicine, psychology, and law (Bubeck et al.
2023, Katz et al. 2023).

Our work provides several findings. First, the
vignettes demonstrate the feasibility of using
current LLMs to automate commonly used SDM
tools. Second, our empirical studies show that
LLMs exhibit the ability to generate and evaluate
strategic ideas at a level comparable with that of
entrepreneurs and investors in realistic contexts.
Third, our analyses indicate that many important
questions in strategy are closely tied to the
advancement of Al, with the evolution of strategy
theory and practice significantly depending on its
progress. For example, we show how the nature of
competitive advantage may change based on Al’s
future capabilities; it could remain Circadian (based
on unique resources), become Schumpeterian
(driven by innovation), or potentially cease to exist
altogether. Additionally, we discuss how Al’s
impact on strategy may be constrained by some of
the tenets of the theory-based view of strategy
(Felin and Zenger 2009).

Al modeling effectively aligns client requirements
with service delivery by improving particular

decision-making processes and significantly
reducing both time and costs.Al systems excel in
data collection, forecasting, and trend analysis,
enabling businesses to predict customer lifetime
value accurately. This ability ultimately results in a
decrease in the bounce rates of the system. Through
a process known as data mining or opinion mining,
Al analyzes vast amounts of data, including web
searches for public opinions and sentiments
(Kaplan & Haenlein, 2020).

The incorporation of Al into tactical management
has been examined in various studies that evaluate
its possible benefits and drawbacks. Research
conducted by Chui, Kamalnath and McCarthy
(2018) highlights the transformative impact of Al

on organizational performance and
competitiveness. Leveraging Al tools enables
companies to enhance operational efficiency,
optimize the allocation of resources, and improve
customer  engagement, which  collectively
contributes to a stronger competitive position in the
marketplace.

The rise of artificial intelligence has sparked a
considerable amount of academic research
examining its effects on various aspects of
administrative management, especially in the area
of strategic decision-making. Scholars such as
Brynjolfsson and McAfee (2017) and Davenport et
al. (2020) have extensively explored how Al
technologies can enhance policymaking processes
within organizations. Al has the potential to offer
significant insights through its capabilities in
analyzing data, predictive modeling and
mechanization, which can empower companies to
make well-versed strategic decisions.

Data analysis and discussion

Artificial intelligence (Al) is revolutionizing data
analysis and significantly impacting strategic
management by enabling organizations to process
vast datasets efficiently, glean deeper insights, and
make more informed decisions, particularly in
dynamic market environments. Here’s a breakdown
of the key roles of Al in data analysis and strategic
management.

Machine Learning and Deep Learning:

Al algorithms like machine learning and deep
learning allow for complex pattern recognition and
correlation identification within large datasets,
revealing hidden trends and patterns that might be
overlooked by traditional methods.

Predictive Analytics

Al-powered predictive models enable forecasting
future trends and outcomes based on historical data,
supporting proactive decision-making. Al can
process and analyze data in real-time, providing

National Conference on Intelligent Future: Multidisciplinary Approaches to Artificial Intelligence

[IFMAAI-2025] 30 August, 2025

Page | 165



Vidyabharati International Interdisciplinary Research Journal

ISSN 2319-4979

immediate insights and enabling swift responses to
changing market conditions.

Improved Decision Accuracy:

Al-driven analysis provides more accurate and
data-driven insights, leading to better informed
strategic decisions. Al systems can process
information much faster than humans, enabling
quicker responses to market changes and
opportunities.

Enhanced Efficiency:

Al automation of data analysis tasks frees up
human resources to focus on higher-level strategic
thinking. The effectiveness of Al models heavily
relies on high-quality and relevant data. Ensuring
data accuracy and completeness is crucial for
reliable Al insights.

Model Interpretability:

While Al algorithms can generate accurate
predictions, understanding the reasoning behind
their outputs can be challenging, especially for
complex models. This transparency is essential for
building trust and making informed decisions.
Ethical Considerations:

Al implementation raises ethical concerns
regarding bias, privacy, and potential job
displacement. Careful consideration of these issues
is necessary for responsible Al development and
deployment.

Conclusion

Al Integration into decision-making, data analysis,
and strategic management is significantly
transforming how organizations operate, offering
enhanced capabilities for data-driven insights,
faster decision speeds, and optimized resource
allocation. While Al provides numerous benefits,
including improved efficiency and competitive
advantage, it also presents challenges related to
data privacy, ethical considerations, and the need
for human oversightt To gain a deeper
understanding of the subject, a qualitative analysis
method was employed, which involved conducting
ongoing analyses throughout the interview process
rather than solely after data collection (Sutton &
Austin, 2015; Moser & Korstjens, 2018).
According to Tracy (2024), the final text produced
from this method comprises a blend of quotes and
descriptive text accompanied by interpretations and
comments. Limited written notes were transcribed
throughout the sessions and the interviews were
taped. Consequently, the tapes were later
transcribed in order to increase clarity and
comprehension, the written material was divided
into parts in accordance with the interview guide
because the replies lacked clear themes.

Enhanced Data Analysis and Insights: Al
algorithms can process vast amounts of data,

identifying patterns and trends that would be
difficult for humans to detect, leading to more
informed strategic decisions. This capability is
particularly valuable in industries where rapid
analysis and response to market changes are
critical.

Improved Decision Speed and Agility: Al-powered
systems can analyze information and make
decisions in real-time, allowing organizations to
react quickly to changing circumstances and seize
opportunities. This agility is crucial for maintaining
a competitive edge in fast-paced environments.
Optimized Resource Allocation: Al tools can
predict the outcomes of different strategic options,
enabling organizations to allocate resources to
initiatives that are most likely to achieve their
objectives.

Risk Management: Al can help identify potential
risks and vulnerabilities within strategic plans by
analyzing various risk scenarios, allowing
organizations to develop more robust contingency
plans.
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